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3. Main Results

manipulation detection
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1. Multi-view feature learning for sensitivity on manipulations;
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> Our novelty: One model to obtain high sensitivity and specificity !

2. Proposed MVSS-Net
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3.2 Generalization study on public benchmarks against SOTA
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> Edge and noise views contain manipulation traces:; Pixel-scale Loss o Marginal contribution to reduce false alarms =
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> Improve sensitivity on manipulations. Pixel-scale loss is not suitable for the authentic !

G|thub page: https://github.com/dong03/MVSS-Net
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